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Heart rate variability (HRV), the beat-to-beat variation in either heart rate or the duration
of the R–R interval – the heart period, has become a popular clinical and investigational
tool. The temporal ﬂuctuations in heart rate exhibit a marked synchrony with respiration
(increasing during inspiration and decreasing during expiration – the so called respiratory
sinus arrhythmia, RSA) and are widely believed to reﬂect changes in cardiac autonomic
regulation. Although the exact contributions of the parasympathetic and the sympathetic
divisions of the autonomic nervous system to this variability are controversial and remain
the subject of active investigation and debate, a number of time and frequency domain
techniques have been developed to provide insight into cardiac autonomic regulation in
both health and disease. It is the purpose of this essay to provide an historical overview of
the evolution in the concept of HRV. Brieﬂy, pulse rate was ﬁrst measured by ancient Greek
physicians and scientists. However, it was not until the invention of the “Physician’s Pulse
Watch” (a watch with a second hand that could be stopped) in 1707 that changes in pulse
rate could be accurately assessed.The Rev. Stephen Hales (1733) was the ﬁrst to note that
pulse varied with respiration and in 1847 Carl Ludwig was the ﬁrst to record RSA. With
the measurement of the ECG (1895) and advent of digital signal processing techniques in
the 1960s, investigation of HRV and its relationship to health and disease has exploded.
This essay will conclude with a brief description of time domain, frequency domain, and
non-linear dynamic analysis techniques (and their limitations) that are commonly used to
measure HRV.
Keywords: heart rate variability, respiratory sinus arrhythmia, time domain, frequency domain, autonomic nervous
system
Variability is the law of life...
(William Osler, physician and educator, 1849–1919; Olser, 1903,
p. 327)
INTRODUCTION
Heartratevariability(HRV),beat-to-beatvariationineitherheart
rate or the duration of the R–R interval – the heart period (for
an example see Figure 1), has become an important risk assess-
ment tool. A reduced HRV is associated with a poorer prognosis
for a wide range of clinical conditions while, conversely, robust
periodic changes in R–R interval are often a hallmark of health
(Task Force of the European Society of Cardiology and the North
American Society of Pacing and Electrophysiology, 1996; Bigger,
1997; De Jong and Randall, 2005; Thayler et al., 2010). A major
portion of these temporal changes in heart rate occur synchro-
nouswithrespiration[heartrateincreases(R–Rintervalshortens)
during inspiration and decreases (R–R interval prolongs) during
expiration] and, therefore, are referred to as the respiratory sinus
arrhythmia(RSA).AlthoughHRVandRSAarenotquitethesame,
these terms are often used interchangeably and both are widely
believed to reﬂect changes in cardiac autonomic regulation. The
exact contributions of the parasympathetic and the sympathetic
divisions of the autonomic nervous system to this variability are
controversial and remain the subject of active investigation and
debate(Paratietal.,2006).Itisthepurposeof thisessaytoprovide
ahistoricaloverviewoftheevolutionoftheconceptofHRVandits
applicationinthelaboratoryandintheclinic.Timeandfrequency
domaintechniquesusedtoquantifyHRVandtheirlimitationswill
also be brieﬂy discussed.
HISTORICAL OVERVIEW
A summary of some of the major events in the evolution of the
HRV concept is displayed as a timeline (not drawn to scale) in
Figure 2. Undoubtedly early humans were the ﬁrst to notice that
theheartbeatvaried,increasing,forexample,duringphysicalexer-
tion or sexual arousal. However, the ﬁrst written descriptions of
heart rate (measured by the pulse) are found in the fragmentary
writings of the ancient Greek physician and scientist Herophi-
los (´Hρóϕιλoς, Latinized as Herophilus, ca. 335- ca. 280 BC;
Figure3;Bedford,1951;BayandBay,2010).HewasborninChal-
cedon but spent the majority of his adult life in Alexandria. He
was perhaps the ﬁrst anatomist and published at least nine vol-
umes of his ﬁndings, all of which have been lost (Bedford, 1951;
Bay and Bay, 2010). Fortunately, his original text was extensively
quoted in the works of other authors, particularly by the Greco-
Roman physician Galen (Bedford, 1951; Boylan, 2007). Among
his most notable ﬁndings was the demonstration that the veins
carried blood,that veins and arteries were distinctly different,and
that the arteries pulsed rhythmically (Bedford,1951; Bay and Bay,
2010). These fragmentary quotations also suggest that Herophilos
was the ﬁrst person to measure heart rate (by timing the pulse
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FIGURE 1 | Heart rate variability: representative electrocardiogram
(ECG) recordings from a conscious dog that illustrate beat-to-beat
variations in both R–R interval and heart rate.
FIGURE 2 |A timeline of some of the major events in the discovery of
heart rate variability (HRV). Please note that the timeline is not drawn to
scale.
FIGURE3|P o r t r a i to fH e r ophilos (ca. 335–280 BC). He was the ﬁrst to
measure the heart beat using a water clock to time the pulse. Source:
Reproduced with permission from the John P . McGovern Historical
Collections and Research Center; Houston Academy of Medicine-Texas
Medical Center Library; Houston,TX, USA. P-254, color photo; Artist:
Joseph F . Doeve, painted in 1953.
using a water clock or clepsydra; Bedford, 1951; Bay and Bay,
2010). Galen also extensively cites and criticizes the description
of the pulse made by Archigenes (´Aρχι´ ενης, ﬂ. ﬁrst century AD,
born in Syria but practiced medicine in Rome; Bedford, 1951).
Archigenes apparently described eight characteristics of the pulse,
including observations on its regularity and irregularity (Bedford,
1951).Theﬁrstindividualbywhomtheoriginaltextsonthepulse
have survived is Rufus of Ephesus (ﬂ second century; Bedford,
1951). He was the ﬁrst to recognize that the pulse was caused by
the contraction and relaxation of the heart (Bedford, 1951).
Irrefutably,the most inﬂuential ancient physician/scientist was
Galen of Pergamon (Γαληνóς, Latinized as Claudius Galenus,
131–200 AD; Figure 4). He wrote at least 18 books on the pulse
including at least 8 treatises that described using pulse for the
diagnosis and predicting the prognosis of disease (Bedford, 1951;
Boylan, 2007). His teaching on pulse dominated medical practice
for almost sixteen centuries through the Middles Ages and the
Renaissance to dawn of modern era. Among his many ﬁndings,
he was the ﬁrst to report on the effects of exercise on pulse. For
example, in“The Pulse for Beginners”he states:
“Exercise to begin with – and so long as it is practiced in
moderation – renders the pulse vigorous large, quick, and
frequent. Large amounts of exercise,which exceed the capac-
ityof theindividual,makeitsmall,faint,quickandextremely
frequent.”
(Galen,1997,p.332)
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FIGURE4|P o r t r a i to fGalen of Pergamon (131–200AD). He wrote
extensively about the pulse and used it for both the diagnosis and
predicting the prognosis of disease. Source: National Library of Medicine
(the history of medicine public domain image ﬁles). Lithograph by Pierre
Roche Vigneron (Paris: Lith de Gregoire et Deneux, ca. 1865).
Itwasnotuntiltheearlyeighteenthcenturythatthemoreaccurate
measurement of time allowed for more quantitative evaluations
of heart rate. John Floyer (1649–1734), an English physician, is
credited with inventing what he called the “The Physician Pulse
Watch,”a portable clock that added a second hand and push-piece
that could stop the watch (Floyer, 1707, 1710). Using this device,
he tabulated both pulse and respiration under a variety of con-
ditions. He published his ﬁndings in two volumes (Floyer, 1707,
1710) and became a strong advocate of using the timing of the
pulse so that “we may know the natural pulse and the excesses and
defects from this in disease”(Floyer, 1707, p.13).
With the increased availability of accurate time-pieces, peri-
odic ﬂuctuations in the arterial pulse were soon described. In
1733, the Rev. Stephen Hales (1677–1761; Figure 5) was the
ﬁrst to report that the beat-to-beat interval and arterial pres-
sure level varied during the respiratory cycle (Hales, 1733). In
1847, Carl Ludwig (1816–1895; Figure 6) using his invention, the
smoked drum kymograph (a device that allowed for the mea-
surement of mechanical activity), was the ﬁrst to record periodic
oscillations in the amplitude and timing of the arterial pressure
waves that varied during the respiration (Ludwig, 1847). Using
the dog, he noted that pulse regularly increased during inspira-
tion and slowed during expiration, thereby providing the ﬁrst
documented report of what subsequently became know as the
RSA (Ludwig, 1847). In the late nineteenth and early twentieth
century Willem Einthoven (1860–1927), using galvanometers to
measure accurately changes in electrical currents, produced the
ﬁrst continuous recordings of the electrical activity of the heart
(Einthoven, 1895; Katz and Hellerstein, 1982; Hurst, 1998). With
the development and standardization of the electrocardiogram, it
FIGURE5|P o r t r a i to fR e v .S t ephen Hales (1677–1761). He was
the ﬁrst to report periodic ﬂuctuations in arterial pressure and the
beat-to-beat interval that varied with respiration.These pioneering
studies were performed on conscious horse. Source: Reproduced
with permission from the John P . McGovern Historical Collections
and Research Center; Houston Academy of Medicine-Texas Medical
Center Library; Houston,TX, USA. P-261, color photo; Artist: Joseph
F . Doeve, painted in 1953.
became possible to evaluate beat-to-beat changes in the cardiac
rhythm. In the early 1960s, ambulatory ECGs could be obtained
over long periods of time (e.g., 24h) using a small portable
recorder developed by Norman“Jeff”Holter (1914–1983; Holter,
1961) which further sparked the interest in understanding the
relationship between beat-to-beat variation in the heart interval
and disease. With the advent of modern digital signal process-
ing techniques (Cooley and Tukey, 1965), it became possible to
quantify and to analyze subtle beat-to-beat variations in cardio-
vascular parameters. Beginning in the early 1970s several groups
applied power spectral analysis to investigate the physiological
basis for the individual frequency components that compose the
periodic variations in heart rate (Hyndman et al., 1971; Sayers,
1973;Chessetal.,1975;HyndmanandGregory,1975;Peñázetal.,
1978; Akselrod et al., 1981; Kay and Marple, 1981; Pagani et al.,
1984, 1986; Pomeranz et al., 1985; Myers et al., 1986; Malliani
et al., 1991). Since these pioneering studies the ﬁeld has rapidly
expanded. Both time and frequency and time domain techniques
havebeenusedtoquantifyHRV.Recently,techniquesderivedfrom
the new science of deterministic “chaos” have been used to eval-
uate the non-linear dynamic characteristics of HRV (Goldberger
and West, 1987; Denton et al., 1990; Bigger et al., 1996; Lom-
bardi et al., 1996; Mäkikallio et al., 1997, 1999a,b; Huikuri et al.,
1998,2000,2003;Pikkujämsäetal.,1999).Someof thesemethod-
ologies will be brieﬂy discussed in a subsequent section of this
essay.
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FIGURE 6 | Photograph of Carl Lugwig (1816–1895). He is credited with
inventing the smoked drum kymograph and used it to record periodic
oscillations in the amplitude and timing of arterial pressure that varied
during respiration. Using the dog, he reported that the pulse rate increased
during inspiration and decreased during expiration, thereby providing the
ﬁrst documented recordings of the respiratory sinus arrhythmia. Source:
National Library of Medicine (the history of medicine public domain image
ﬁles). Picture made in 1856.
ThephysiologicalbasisthatunderliesHRVhasbeenthesubject
ofintensiveinvestigationandstillremainsanunresolvedquestion.
In later half of nineteenth century, several investigators proposed
that changes in neural activity were responsible for the periodic
changes in the arterial pressure interval (Traube, 1865; Donders,
1868; Hering, 1869, 1871; Cyon, 1874; Mayer, 1876; Frédéricq,
1882). Ludwig Traube (1818–1876) proposed that “irradiation”
fromcentralneural(medullary)respiratoryneuronsuntothecar-
diovascular centers was responsible for arterial waves (Traube,
1865) while in 1871 Karl Ewald Hering (1834–1918) concluded
that these periodic changes originated from the reﬂex activation
of afferent ﬁbers located in the lungs (Hering, 1871). Frédéricq
(1851–1935) demonstrated that arterial pressure variability con-
tinued when the lung motion ceased (by opening the chest cav-
ity) and conversely, the RSA was eliminated by the inhibition of
respiratory motor activity following hyperventilation (Frédéricq,
1882). Later, Francis A. Bainbridge (1874–1921) proposed that
the RSA did not involve the nervous system but rather results
from mechanical distortion of the atria due to changes in thoracic
pressure during the respiratory cycle (Bainbridge, 1930). The ﬁrst
systematicevaluationof thesecompetinghypotheseswasreported
by Gleb von Anrep (1891–1955) and associates (Anrep et al.,
1936a,b). They performed studies in dogs that clearly demon-
strated that either central respiratory neural activity or the activa-
tionof pulmonarystretchreceptorscouldmaintainRSAwhenthe
other factor was controlled (Anrep et al., 1936b). They concluded
that both central and peripheral mechanisms can contribute to
these beat-to-beat changes in heart rate. It has also been subse-
quentlysuggestedthatcyclicactivationofthearterialbaroreceptor,
thermoregulatory control, and the renin–angiotensin system may
also contribute to oscillations in heart rate (Sayers, 1973; Hynd-
man, 1974; Akselrod et al., 1981; Madwell et al., 1989). Despite
nearly 90years of subsequent investigation, the relative contri-
bution of the central and peripheral mechanisms responsible
for RSA (Eckberg, 2003) and its functional signiﬁcance (Hayano
et al., 1996; Sin et al., 2010) remain the subject of considerable
controversy and active investigation.
W i t hr e g a r d st oe f f e r e n tn e u r a lc o n t r i b u t i o nt op e r i o d i c
changes in heart rate, Franciscus C. Donders (1818–1889) sug-
gested that the changes in heart period associated with respiration
resulted from activation of the cardiac vagus nerves (Donders,
1868). This view soon gained wide-spread acceptance. By 1910,
Heinrich E. Hering (1866–1948) could write that “it is known
with breathing that a demonstrable lowering of heart rate ... is
indicative of the function of the vagi”(Hering,1910). Hamlin et al.
(1966) convincingly demonstrated that RSA in the dog resulted
from activation of the vagal nerves, an observation that has been
conﬁrmed in other mammalian species (cats: Chess et al., 1975;
Yongue et al., 1982; rats: McCabe et al., 1985; Cerutti et al., 1991;
horse and ponies: Hamlin et al., 1972; Rugh et al., 1992), includ-
ing human (Davies and Neilson, 1967; Melcher, 1976; Hirsch and
Bishop, 1981; Selman et al., 1982; Eckberg, 1983). Sympathetic
neural activation was also found to contribute signiﬁcantly peri-
odic arterial pressure changes (Guyton and Harris, 1951; Preiss
et al., 1975). Arthur C. Guyton (1919–2003) and co-workers
reported that vasomotor waves occur synchronous with increases
insympatheticnerveactivity(GuytonandHarris,1951).Similarly,
a strong correlation between respiration, sympathetic nerve out-
ﬂow, and changes in arterial pressure have been reported (Preiss
et al., 1975). By the early 1970s several investigators began to
apply modern digital processing techniques to evaluate the rela-
tionship between the autonomic neural regulation and in subtle
changes in both arterial pressure waves and heart rate (Katona
et al., 1970; Hyndman et al., 1971; Sayers, 1973; Chess et al., 1975;
Hyndman and Gregory, 1975; Peñáz et al., 1978). For example,
Katona and Jih (1975) proposed that periodic changes in heart
rate that corresponded to the respiration could be used as non-
invasivemakerofcardiacparasympatheticregulation.Amultitude
of studies have been performed since these pioneering studies
were competed nearly 40years ago (for reviews see: Appel et al.,
1989; Task Force of the European Society of Cardiology and the
North American Society of Pacing and Electrophysiology, 1996;
Berntsonetal.,1997;Bigger,1997;CohenandTaylor,2002;Gross-
man and Taylor, 2007; Thayler et al., 2010). Today, it is now clear
that the rhythmic changes in the heart rate at any given moment
reﬂect the complex interactions between parasympathetic nerve
ﬁbers (activation decreases heart rate), sympathetic nerve ﬁbers
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(activation increases heart rate),mechanical,and other factors on
the pacemaker cells usually located in the sinoatrial node.
HEART RATE VARIABILITY TECHNIQUES
A number of techniques have now been developed to quantify
this beat-to-beat variability in order to provide indices of cardiac
autonomicregulationinbothhealthanddisease(TaskForceofthe
European Society of Cardiology and the North American Society
of Pacing and Electrophysiology, 1996; Berntson et al., 1997; Big-
ger,1997;Denver et al.,2007;Grossman and Taylor,2007;Thayler
et al.,2010). There are two primary approaches for the analysis of
HRV:timedomainandfrequencydomainmethods(TaskForceof
theEuropeanSocietyof CardiologyandtheNorthAmericanSoci-
ety of Pacing and Electrophysiology, 1996; Berntson et al., 1997;
Denver et al.,2007). The time domain measures of this variability
areeasiertocalculatebuttendtoprovidelessdetailedinformation
than the frequency domain approaches. The time domain meth-
ods employ either statistical or geometric approaches (Table 1).
Each approach shares the common feature that either heart rate
at any point in time (instantaneous heart rate) or the intervals
between successive normal beats are determined from a continu-
ous ECG record. Only the normal QRS complexes are used for the
calculation;thatis,onlybeatsthatresultfromthenormalelectrical
activation pattern (i.e.,depolarization originating from the sinoa-
trial node) are included, any abnormal beats (atrial or ventricular
arrhythmias) are excluded. Thus, the normal-to-normal (NN)
interval (the interval between adjacent normal QRS complexes)
or the instantaneous heart rate (heart rate calculated on a beat by
beatbasis)isdeterminedandsimpledescriptivetimedomainvari-
ablessuchasthemeanNNinterval,meanheartrate,andtherange
(longest NN minus the shortest NN) for a given time interval can
be calculated (Kleiger et al., 1987). More detailed information is
provided by the statistical analysis of a continuous sequence of
normal beats (NN interval) for the time period of interest. Due
to the ease of calculation, the SD (i.e., the square root of the vari-
ance) of the NN interval (SDNN) is one of the most widely used
time domain indices of HRV (Kleiger et al., 1987). This calcula-
tion measures the total variability that arises from both periodic
and random sources (equivalent to total power as determined by
frequency domain spectral analysis). Artifact recognition also can
inﬂuencetimedomainmeasurementsof HRV(Maliketal.,1993).
Assuch,theseapproachescannotdifferentiatebetweenthevarious
factors that contribute to the total variance. Other approaches to
quantify RSA involves obtaining the difference between the peak
andthevalley(ortrough)ofheartratethatoccursduringarespira-
torycycle(foreachinspirationandexpiration;HirschandBishop,
1981; Eckberg,1983; Fouad et al.,1984) or determining the num-
ber of adjacent pairs of normal beats that differ by more than
50ms, NN50 (Ewing et al., 1984). The peak-to-valley techniques
attempttoextractperiodicvariabilityfromabaselineheartrate.If
the amplitude of the RSA is large relative to the baseline variance
of heart rate or at slower respiratory frequencies, this technique
Table 1 | Conventional heart rate variability measurements.
Variable Units Deﬁnition
TIME DOMAIN MEASURES
a. Statistical
SDNN ms SD of all normal R–R intervals
SDANN ms SD of the average normal R–R intervals calculated over short time periods (usually 5min) for the entire recording period
(usually 24h)
RMSSD ms The square root of the mean squared differences between adjacent normal R–R intervals
SDNN index ms Mean of the SD of the normal R–R intervals calculated over short periods time (usually 5min) for the entire recording
period (usually 24h)
NN50 The number of pairs of adjacent normal R–R intervals that differ by more than 50ms
pNN50 % NN50 divided by the total number of normal R–R intervals×100
b. Geometrical
HRV triangular index NumberofnormalR–RintervalsdividedbytheheightofthehistogramofallthenormalR–Rintervalsmeasuredondiscrete
scale with bins of 1/128s (7 .8125ms)
TINN ms Baseline width of the minimum square difference of triangular interpolation of the highest peak of the histogram of all
normal R–R intervals
FREQUENCY DOMAIN MEASURES
Total ms2 Area under the entire power spectral curve (usually ≤0.40), variance of all normal R–R intervals
ULF ms2 Ultra low frequency power (≤0.003Hz)
VLF ms2 Very low frequency power (0.003–0.0.04Hz)
LF ms2 Low frequency power (0.04–0.15Hz)
HF ms2 High Frequency power (usually 0.15–0.40Hz*)
LFnu nu Normalized low frequency power (LF/LF+HF)
HFnu nu Normalized high frequency power (HF/LF+HF)
LF/HF Ratio of the low-to high frequency power
Nu, normalized units;
∗HF is shifted to higher ranges (0.24–1.04Hz) in infants and exercising adults.
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provides a reasonable estimate of RSA that correlates well with
other time domain indices (Grossman et al., 1990) .H o w e v e ri ti s
lessaccurateathigherrespiratoryfrequenciesandcannotquantify
dynamic changes in the HRV on a beat by beat basis (Grossman
etal.,1990).Otherwidelyusedstatisticaltimedomaincalculations
are listed in Table 1.
A series of NN intervals can also be plotted to provide a geo-
metric pattern of the variability (Mayer-Kress et al., 1988; Malik
et al., 1989; Farrell et al., 1991). Measurement of the geometric
pattern (the width of the distribution) or the interpolation of a
mathematically deﬁned shape such as a triangle is used to provide
a measure of the HRV (Table 1). One common non-linear tech-
niquegraphsthesequenceof normalR–RintervalsusingPoincaré
(returnorrecurrencemapping)plots,wherethebeat(n)isplotted
against the next beat (n +1;Woo et al.,1994; Huikuri et al.,1996;
Tulppoetal.,1996).Theresultingshapeprovidesgraphicaldisplay
of the variability such that the greater the scatter the greater the
variability.
Although time series approaches provide information about
changes in the total variability, with one notable exception (see
below)thesetechniquesarelessusefulinidentifyingspeciﬁccom-
ponentsofthisvariability.Beginninginthelate1960sinvestigators
applied techniques to partition the total variability into frequency
components(Hyndmanetal.,1971;Sayers,1973;Chessetal.,1975;
Hyndman and Gregory, 1975; Peñáz et al., 1978; Akselrod et al.,
1981; Kay and Marple, 1981; Pagani et al., 1984, 1986; Pomer-
anz et al., 1985; Myers et al., 1986; Malliani et al., 1991; Laude
et al.,1995). Power spectral density analysis produces a decompo-
sition of the total variance (the “power”) of a continuous series
of beats into its frequency components (i.e., how the power dis-
tributes as a function of frequency; Task Force of the European
Society of Cardiology and the North American Society of Pac-
ing and Electrophysiology, 1996; Berntson et al., 1997; Denver
et al.,2007). The spectral power for a given frequency can then be
quantiﬁed by determining the area under the curve within a spec-
iﬁed frequency range. The two most common spectral analysis
approaches are fast Fourier transform analysis (FFT) and autore-
gressive (AR) modeling (Task Force of the European Society of
Cardiology and the North American Society of Pacing and Elec-
trophysiology,1996;Berntsonetal.,1997;Denveretal.,2007).FFT
is based upon the assumption that a time series is composed of
only deterministic components while withAR the data are viewed
as being composed of both deterministic and random compo-
nents.Forshorterdurationrecordings(2–5min)threemainpeaks
are often identiﬁed: very low frequency (VLF) <0.04Hz, low fre-
quency (LF),0.04–0.15Hz,and high frequency (HF) 0.15–0.4Hz.
It should be noted that in infants and in response to exercise HF is
shiftedtoahigherfrequencyranges(0.24–1.04Hz;Berntsonetal.,
1997). A fourth peak, ultra low frequency (ULF) 0.003–0.04Hz),
is obtained during longer recording periods (24h). The absolute
power at a given frequency is reported as ms2, but LF and HF
power are often measured in normalized units (nu) obtained by
dividing the frequency band of interest by total power minusVLF
(in practice, since total power largely reﬂects the combination of
VLF,LF,and HF; LF+HF is used as the divisor). Finally,the ratio
of LF to HF (LF/HF, no units) has been used as an index of the
sympathetic/parasympathetic balance (Pagani et al., 1984, 1986;
Malliani et al., 1991). However, this concept has been challenged
(Kingwell et al., 1994; Koh et al., 1994; Hopf et al., 1995; Eckberg,
1997; Houle and Billman, 1999; Billman, 2009) as there is con-
siderable controversy concerning the relationship between these
frequency components and a particular division of the autonomic
nervoussystem(KollaiandMizse,1990;Randalletal.,1991;King-
well et al., 1994; Koh et al., 1994; Hedman et al., 1995; Hopf et al.,
1995; Eckberg,1997; Houle and Billman,1999; Taylor et al.,2001;
Parati et al.,2006; Denver et al.,2007; Grossman and Taylor,2007;
Billman,2009).
One time domain approach can also be used to partition HRV
within speciﬁc frequency bands, similar to those obtained by fre-
quencydomaintechniques(Porgesetal.,1980;McCabeetal.,1985;
Billman and Dujardin, 1990; Denver et al., 2007). This method
applies a moving polynomial to the heart period (R–R interval)
time series to remove slow trends from the data (Porges et al.,
1980; McCabe et al., 1985; Billman and Dujardin, 1990; Den-
ver et al., 2007). A speciﬁed bandpass ﬁlter is then applied to
the detrended data to remove all variance outside of the target
frequency band. The variance of the residual data set then pro-
vides an estimate of the HRV within the target frequency band
(Porges et al., 1980; McCabe et al., 1985; Billman and Dujardin,
1990;Denveretal.,2007).Thisprocedureprovidesatimedomain
equivalentof spectralanalysiswithtwoimportantadvantages;rel-
atively short sequences of beats are required for calculation of the
variance within the bandwidth of interest and the“moving ﬁlter”
allowsfortheextractionof theRSAfromnon-stationarybaselines
Porges et al., 1980; McCabe et al., 1985; Billman and Dujardin,
1990; Denver et al., 2007). Thus, this technique can investigate
the dynamic regulation of HRV in response to physiological chal-
lenges such as exercise,its onset,and its termination (Billman and
Hoskins, 1989; Halliwill et al., 1998; Houle and Billman, 1999;
Smith et al.,2005; Billman,2006a,b; Billman and Kukielka,2007),
ormyocardialischemia(CollinsandBillman,1989;Halliwilletal.,
1998; Houle and Billman,1999; Billman and Kukielka,2006).
As was previously noted, non-linear dynamic analysis
approaches as derived from Chaos Theory have also been used
to evaluate HRV. It is beyond the scope of the present essay to
provide a detailed history of the development of this exciting new
branch of science (for an outstanding non-technical account see
Gleick, 1987). However, a brief discussion of some of the central
tenets of Chaos Theory is merited.
Chaos is perhaps a less than ideal word choice, as in common
usage this word conveys a sense of total disorder, unpredictabil-
ity, and instability. Chaos Theory describes something entirely
different: an underlying order in a seemingly randomly varying
sequence of events. Truly random behavior never repeats itself,
it is unpredictable and disorganized while, in contrast, periodic
behavior always repeats in a predictable way over some ﬁnite time
interval. One might say that chaos falls somewhere between total
randomness and monotonically repeating periodic behavior and
has characteristics of both: an apparent randomness that emerges
asaconsequenceofadeterministicprocess.Thereismethodfound
in the madness.A chaotic system exhibits aperiodic behavior with
asubtlebutregularpattern.Thebehaviorneverquiterepeatsitself
exactly and is constrained within a range of values. Thus, the sys-
temisstable;itdoesnotwanderoffintoinﬁnityaswouldarandom
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system. Deterministic chaos is non-linear,such that small changes
in initial conditions lead to large changes with reiteration and also
in that a single value y can be associated with more than one
value of x (known mathematically as folded non-linearity; Den-
ton et al., 1990). It is this ambiguity that gives rise to the“chaos.”
In biological systems, deterministic chaos promotes the stability
(variation within limits) and ﬂexibility (more than one value of x
for each y) that allows an organism to maintain an optimal inter-
nal environment as it adapts to changing external demands,a new
“wisdom of the body” that updates our concept of homeostasis
(West, 2010). Lorenz (1963) was the ﬁrst to describe determinis-
tic aperiodic behavior in a weather simulation model (Figure 7).
He recognized that exceedingly small changes in initial conditions
eventually resulted in totally different weather patterns, an obser-
vationthathasbecomeknowasthebutterﬂyeffect(i.e.,abutterﬂy
ﬂapping its wings in China produces tornados in Kansas).
Beginning in the 1980s, evidence began to accumulate that
strongly indicated that heart rate was the not the product of
a regular periodic oscillator (a sine wave generator) but rather
displayed complex non-linear dynamic behavior (Guevara et al.,
1981; Goldberger and West, 1987). As a consequence, simple sta-
tistical approaches to analyze heart rate time series may lack the
sensitivity necessary to detect subtle non-linear changes in HRV.
Therefore, analytical approaches based upon Chaos Theory and
FIGURE 7 |A plot of the Lorenz attractor. (A) represents a the time
series for single variable (x) while (B) illustrates the changing relationship
between all three variables.The weather model that produced this plot
consists of three differential equations: (1) dx/dt =σ(y −x), (2)
dy/dt =x(ρ−z)−y, (3) dz/dt =xy −βz. σ=Prandtl number, ratio of ﬂuid
viscosity to its thermal conductivity, ρ=Rayleigh number, heat transfer- the
temperature difference between the top and the bottom of the gaseous
system, and β=a geometric expression, the ratio of width to height of the
containing holding the gaseous system. Lorenz used 10 for σ,2 8f o rρ and
8/3 for β. x(t) amplitude of the convection current, y(t) temperature
diffusion behavior (temperature difference between rising and falling air
currents), and z(t) normal temperature deviations. Some applets that can
be used to create the Lorenz attractor are found at the following websites:
www.cmp.caltech.edu/∼mcc/Chaos_Course/Lesson1/Demo8.html,
www.geom.uiuc.edu/∼worfolk/apps/Lorenz/,
http://www.exploratorium.edu/complexity/java/lorenz.html.
fractal mathematics have been employed to evaluate HRV (Gold-
berger and West, 1987; Denton et al., 1990; Bigger et al., 1996;
Lombardi et al., 1996; Mäkikallio et al., 1997, 1999a,b; Huikuri
et al.,1998,2000,2003;Pikkujämsä et al.,1999). These techniques
do not measure the HRV magnitude but provide an estimate of
its complexity. The most common methods evaluate fractal-like
properties of the heart rate time series. For example,the heart rate
frequency (f) spectrum exhibits an inverse power law relation-
ship (1/f; Saul et al., 1987; Bigger et al., 1996; Huikuri et al., 1998,
2000; Mäkikallio et al., 1999a,b; Pikkujämsä et al., 1999) that is a
deﬁning characteristic of fractal regulatory networks (Bassingth-
waighte et al., 1994). The slope of the relationship between (log)
frequencyand(log)spectraldensity(power)from10−4to10−2 Hz
(an analysis of 1/f characteristics) was steeper in post-myocardial
infarction and cardiac transplant patients than in healthy subjects
and provided an excellent predictor of mortality following infarc-
tion (Bigger et al., 1996). These non-linear HRV measures were
often better at predicting adverse cardiovascular events then were
traditional markers of HRV (Bigger et al., 1996; Huikuri et al.,
1998).
Thereareseveralothernon-linearmethodsthathavebeenused
to evaluate HRV (Denton et al., 1990; Goldberger, 1990; Skinner
et al., 1993; Pincus and Goldberger, 1994; Iyengar et al., 1996; Ho
etal.,1997;Vossetal.,1998;Mäkikallioetal.,2001a,b;Perkiömäki
et al., 2001a,b,c; Jokinen et al., 2003; Tulppo et al., 2005; Laito
et al., 2006; Tuzcu et al., 2006; Perkiömäki, 2011). For example,
detrended ﬂuctuation analysis is a technique that detects the pres-
enceortheabsenceof fractalpropertiesinR–Rintervaltimeseries
(Peng et al., 1995; Iyengar et al., 1996; Mäkikallio et al., 1999b,
2001b; Pikkujämsä et al., 1999; Perkiömäki et al., 2001a,c; Tulppo
etal.,2005).Alteredfractalpropertieshavebeenshowntoprecede
the onset of lethal cardiac arrhythmias; changes that traditional
markers of HRV failed to detect (Mäkikallio et al., 1999b). In a
similar manner,multiscale (Norris et al.,2008a,b) or approximate
entropy(PincusandViscarello,1992;Fleisheretal.,1993;Richman
and Moorman,2000 have been used to measure of the complexity
of the system, that unlike other techniques (e.g., Lyapunov expo-
nent,Wolf et al.,1985;Denton et al.,1990) can be applied to short
data sets (Pincus and Viscarello, 1992; Richman and Moorman,
2000).
SOME LIMITATIONS AND CAVEATS
Although it is beyond the scope of the present review to analyze
extensively the strengths and weaknesses of the various indices
usedtomeasureHRV,abrief discussionof someof thelimitations
with these techniques is merited. For a more detailed presentation
the reader is encouraged to read one or more of the review articles
that eloquently address the technical issues concerning the HRV
and its relationship to cardiac autonomic regulation (Appel et al.,
1989; Task Force of the European Society of Cardiology and the
North American Society of Pacing and Electrophysiology, 1996;
Berntson et al., 1997; Bigger, 1997; Eckberg, 1997; Parati et al.,
2006; Denver et al., 2007).
RespiratoryparameterscanprofoundlyalterheartrateandR–R
interval variability independent of changes in cardiac autonomic
regulation (i.e., against a constant background level of automatic
regulation; Peñáz, 1957; Koepchen and Thurau, 1959; Angelone
www.frontiersin.org November 2011 | Volume 2 | Article 86 | 7Billman History of HRV
and Coulter, 1964; Davies and Neilson, 1967; Hainsworth, 1974;
Melcher, 1976; Hirsch and Bishop, 1981; Brown et al., 1993). It is
nowwellestablishedthatincreasesinrespiratoryfrequencyreduce
theamplitudeofheartrateoscillations(Peñáz,1957;Angeloneand
Coulter, 1964; Melcher, 1976; Hirsch and Bishop, 1981; Brown
et al., 1993) while either increases in tidal (Koepchen and Thu-
rau, 1959; Davies and Neilson, 1967; Melcher, 1976; Hirsch and
Bishop,1981; Eckberg,1983; Kollai and Mizse,1990; Brown et al.,
1993)orstaticlungvolume(Hainsworth,1974)provokeincreases
in the R–R interval variability. Conversely, reductions in respira-
tory frequency increase HRV (Peñáz,1957;Angelone and Coulter,
1964; Melcher,1976; Hirsch and Bishop,1981; Brown et al.,1993)
whiledecreasesintidalvolumeleadtoreductionsintheR–Rinter-
val variability (Koepchen and Thurau, 1959; Davies and Neilson,
1967;Melcher,1976;HirschandBishop,1981;Eckberg,1983;Kol-
laiandMizse,1990;Brownetal.,1993).Thus,itiscriticaltocontrol
breathing (paced or timed breathing) in order to interpret HRV
data accurately. For obvious reasons, it is much more difﬁcult to
controlrespiratoryparametersinconsciousanimalthaninhuman
studies. However, these respiratory parameters frequently are not
controlledeveninhumanstudies(Brownetal.,1993).Brownetal.
(1993), reviewed the human literature and found that only about
51% controlled respiratory rate,and even fewer studies controlled
for tidal volume (11%). They further reported that respiratory
parameters not only altered HF power but also strongly inﬂu-
enced the LF components of the R–R interval power spectrum, a
component that previously was viewed to vary independently of
changes in respiration (Brown et al., 1993).
It also must be emphasized that HRV only provides an indirect
assessment of cardiac autonomic activity and does not provide
a direct measurement of either cardiac parasympathetic or sym-
pathetic nerve activity. Thus, any relationship between HRV and
cardiac autonomic regulation is qualitative rather than quantita-
tive in nature. In other words, a low or high amount of HRV may
reﬂect a decreased or increased cardiac autonomic regulation but
doesnotprovideaquantiﬁcationof theactualcardiacnerveﬁring
rate. Furthermore and as previously noted, there is considerable
debateastotheexactrelationshipbetweenchangesincardiacauto-
nomic activity and a particular branch of the autonomic nervous
system(KollaiandMizse,1990;Randalletal.,1991;Kingwelletal.,
1994;Hedmanetal.,1995;Hopf etal.,1995;Eckberg,1997;Houle
and Billman, 1999; Taylor et al., 2001; Parati et al., 2006; Denver
etal.,2007;GrossmanandTaylor,2007;Billman,2009).Forexam-
ple,frequencydomainanalysisofHRVusuallyrevealstwoormore
peaks, a LF (<015Hz), and a higher frequency peak (>0.15Hz)
that are often assumed to correspond to cardiac sympathetic and
cardiacparasympatheticneuralactivity,respectively(Paganietal.,
1984, 1986; Malliani et al., 1991). However, accumulating evi-
dence clearly demonstrates this assumption is naïve and greatly
oversimpliﬁes the complex non-linear interactions between the
sympathetic and the parasympathetic divisions of the autonomic
nervous system. This is particularly true with regards to the rela-
tionship between LF power and cardiac sympathetic regulation
(Randall et al., 1991; Kingwell et al., 1994; Hopf et al., 1995; Eck-
berg, 1997; Houle and Billman, 1999; Parati et al., 2006; Billman,
2009).
Low frequency power was found to be reduced by selective
parasympathectomy and also was not totally eliminated when
the denervation was combined with beta-adrenoceptor blockade
(Randall et al., 1991). Furthermore, interventions that would be
expected to increase cardiac sympathetic activity, such as acute
exercise or myocardial ischemia, not only failed to increase LF
power but actually provoked signiﬁcant reductions this variable
(Houle and Billman, 1999). Thus, LF component of HRV reﬂects
both sympathetic, parasympathetic and other as yet unidentiﬁed
factors. Accordingly, LF power should not be used as an index of
cardiac sympathetic regulation.
Although the vast majority of the clinical and the experimen-
tal studies demonstrate a strong association between HF power
and cardiac parasympathetic activity (Appel et al., 1989; Task
Force of the European Society of Cardiology and the North
American Society of Pacing and Electrophysiology, 1996; Bigger,
1997; Billman, 2009; Thayler et al., 2010), this concept has also
been challenged (Kollai and Mizse, 1990; Hedman et al., 1995;
Taylor et al., 2001; Parati et al., 2006). Just as parasympathetic
activation exerts profound inﬂuences on the LF component of
HRV, sympathetic neural activity may modulate the HF compo-
nent of the R–R interval variability (Taylor et al., 2001; Cohen
and Taylor, 2002). Taylor et al. (2001) found that cardioselec-
tive beta-adrenergic receptor blockade (drugs that should not
indirectly alter vagal outﬂow via action within the central ner-
vous system) increased RSA amplitude over a wide range of
respiratory frequencies (i.e., the increases were not restricted to
lower frequencies, <0.15Hz). They concluded that “cardiac sym-
pathetic outﬂow can oppose vagally mediated R-R interval oscilla-
tions and sympathetic blockade removes this effect”( Cohen and
Taylor, 2002). Thus, differences in cardiac sympathetic activa-
tion during a physiological challenge (e.g., exercise or postural
changes) in healthy subjects or that occur as consequence of
cardiovascular disease (following myocardial infarction) could
restrainvagallymediatedchangesHRV.Thesedatafurtherdemon-
strate that HRV is a complex phenomenon that should not
be solely attributed to changes in cardiac vagal efferent nerve
trafﬁc.
In addition to autonomic inﬂuences, a portion of the HRV
occurs as a consequence of the mechanical events (due to stretch
of the atria that results from both changes in cardiac ﬁlling and
the changing thoracic pressure that occur during respiration) as
was ﬁrst proposed by Bainbridge (1930). This conclusion is sup-
ported by the observation that heart transplant patients, despite
the absence of cardiac nerves, still exhibit small (∼2–8% of nor-
mal) change in R–R interval associated with the respiratory cycle
(Bernardi et al., 1989). Taylor et al. (2001) further demonstrated
thatatrialstretchcanexertsigniﬁcantinﬂuencesonR–Rintervalin
subjectswithcompleteautonomicblockade.Theyfoundthatafter
combinedcholinergicandadrenergicreceptorblockadeslowdeep
breathing could still provoke oscillations of ∼120ms in healthy
human subjects (Taylor et al., 2001). Thus, given the complex
interactions between cardiac sympathetic and cardiac parasym-
pathetic nerves that are confounded by the mechanical effects
of respiration, HRV data should be interpreted with appropriate
caution.
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CLINICAL APPLICATIONS
Heartratevariabilityhasgainedwide-spreadacceptanceasaclini-
caltoolfortheevaluationofcardiacautonomicchangesinpatients
(Task Force of the European Society of Cardiology and the North
American Society of Pacing and Electrophysiology, 1996; Bigger,
1997; Hohnloser et al., 1997; Billman, 2009; Thayler et al., 2010).
The term “HRV” yields nearly 14,000 “hits” when placed in the
pubmed search engine. A variety of cardiovascular risk factors
and disease states have all been shown to reduce HRV, including
diabetes (Murray et al.,1975; Ewing et al.,1985;Vinik et al.,2003;
Rosengard-Barlund et al., 2009), smoking (Mancia et al., 1997;
Karakaya et al., 2007), obesity (Skrapari et al., 2007), Work stress
(Thayler et al., 2010), hypertension (Pagani et al., 1984; Pagani
and Lucini,2001; Maule et al.,2008),and heart failure (Saul et al.,
1988; Binkley et al., 1991; Woo et al., 1994; Adamopoulos et al.,
1995; Kiilavuori et al., 1995; De Jong and Randall,2005).
EppingerandHess(1915)providetheﬁrstsuggestionthatHRV
could be used to provide some insight in abnormalities in auto-
nomic regulation in disease. They wrote “clinical facts, such as
respiratory arrhythmia, habitual bradycardia, etc. have furnished
the means of drawing our attention to variation in the tonus of
the vagal system”( Eppinger and Hess, 1915, p. 12). They further
emphasized that pharmacological manipulation of the choliner-
gic system might provide an avenue for treatment (Eppinger and
Hess,1915). However,the ﬁrst reports of the applications of HRV
in the clinic only began to appear in the mid 1960s. Hon and
Lee (1965) noted that fetal stress was preceded by reduction in
the inter-beat interval even before any appreciable change in aver-
age heart rate could be detected. Fetal heart rate monitoring has
now become the standard of care and has contributed to reduc-
tions in morbidity associated with fetal distress. In the 1970s,
Ewing and co-workers used short-term changes in R–R interval
in response to simple autonomic challenges to detect autonomic
neuropathy in diabetic patients (Murray et al., 1975; Ewing et al.,
1985).
About the same time, Wolf was the ﬁrst to demonstrate a
relationship between HRV and mortality following myocardial
infarction (Wolf et al., 1978). This observation has subsequently
beenconﬁrmed(TaskForceoftheEuropeanSocietyofCardiology
and the North American Society of Pacing and Electrophysiol-
ogy, 1996; Bigger, 1997; Hohnloser et al., 1997; Thayler et al.,
2010). Speciﬁcally, HRV is reduced in patients recovering from
amyocardialinfarctionand,further,thosepatientswiththegreat-
est reduction in this variable also have the greatest risk for sudden
death(Myersetal.,1986;Kleigeretal.,1987;Farrelletal.,1991;Big-
geretal.,1992).Kleigerandco-workers(Myersetal.,1986;Kleiger
et al., 1987; Bigger et al., 1992) found that in patients recovering
from myocardial infarctions, those with the smallest HRV (SD of
R–R interval) had the greatest risk of dying suddenly. The rela-
tive risk of mortality was 5.3 times greater in patients with R–R
intervalvariabilitylessthan50mscomparedtopatientswithvari-
ability greater than 100ms (Kleiger et al., 1987). This ﬁnding has
been subsequently conﬁrmed by numerous more recent clinical
studies; reductions in HRV following myocardial infarction now
represent one of the strongest independent predictors of mortal-
ity following infraction. (La Rovere et al., 1988, 1998; Malik et al.,
1989; Mazzuero et al.,1992; Huikuri et al.,1996; Task Force of the
European Society of Cardiology and the North American Society
of Pacing and Electrophysiology, 1996; Bigger, 1997; Hohnloser
et al.,1997;Lanza et al.,1998). To cite just one example,La Rovere
et al. (1988, 1998), reporting for the ATRAMI (Autonomic Tone
and Reﬂexes After Myocardial Infarction) group,found that post-
myocardial infarction patients with either low HRV or a small
heart rate response to an increase in blood pressure (i.e., barore-
ceptor reﬂex sensitivity) had a much greater risk of sudden death
than those with well preserved cardiac vagal tone. The greatest
risk for mortality was observed in patients with a large reduction
inbothmarkersofcardiacvagalregulation(LaRovereetal.,1998).
Similar results have also been obtained using animal model of
human disease (Billman, 2006a). For example, HRV was reduced
to a greater extent in animals susceptible to ventricular ﬁbrillation
as compared to animals resistant to these malignant arrhythmias
(Billman and Hoskins, 1989; Collins and Billman, 1989; Halliwill
et al., 1998; Houle and Billman, 1999; Smith et al., 2005; Billman,
2006a,b; Billman and Kukielka, 2006). In particular, the suscepti-
ble animals exhibited a much greater reduction (withdrawal) of
cardiac vagal regulation in response to either submaximal exer-
cise (Billman and Hoskins, 1989; Halliwill et al., 1998; Houle and
Billman, 1999; Billman, 2006a,b; Billman and Kukielka, 2006)o r
acute myocardial ischemia (Collins and Billman, 1989; Halliwill
et al., 1998; Houle and Billman, 1999; Billman, 2006a; Billman
and Kukielka, 2006). Heart rate recovery and the reactivation of
cardiac parasympathetic regulation following the termination of
exercise were also impaired in the animals subsequently shown to
prone to ventricular ﬁbrillation (Smith et al., 2005; Billman and
Kukielka, 2007); an observation that has been noted in patients.
For example, post-infarction patient with the slowest heart rate
recovery following an exercise stress test also exhibited the highest
mortality rate during the observation period (up to 12years; Cole
et al., 1999, 2000; Nishime et al., 2000; Morshedi-Meibodi et al.,
2002; Nissinen et al., 2003; Jouven et al., 2005). Thus, despite the
limitations noted in a previous section, HRV has proven to be an
important tool for the identiﬁcation of patients at risk for adverse
cardiovascular events.
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